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Abstract 

This document discusses brain-like computing and how it is likely to cause a shift 

in the way medical devices are treated. This is a direct result of pioneering such 

computing which is inspired by the ability of the human brain to surpass the energy 

and size limits of conventional computers. It is especially useful for devices that need 

to process and decide on data in real-time, which in turn enhances medical diagnoses 

and personalized healthcare. Brain-like systems open a whole new dimension to the 

processing of medical signals. Through the integration of these systems, we could have 

portable and wireless body area networks that eradicate complex offline processing 

tasks. They allow instantaneous analysis, which is essential for time-sensitive medical 

conditions where rapid feedback and interventions are required. This on-spot data 

analysis further reduces issues related to data loss or corruption, thereby providing 

accurate results. The trifecta of small power usage, quality of real-time processing, 

and high step of reliability in these circuits make the circuits particularly suitable for 

highly demanding medical applications.  

Neuromorphic systems present a promising avenue for biomedical applications, 

achieving energy efficiency through methods such as reduced signal sampling, which 

is viable given the sparsity of many biological signals. This approach aligns well with 

the requirements of energy-constrained systems and emulates the brain's efficient 

processing capabilities. Furthermore, transistors designed to mimic nerve connections 

offer the dual advantage of power conservation and biocompatibility, rendering them 

particularly suitable for devices intended for close interaction with biological tissues, 

while components with adaptable electrical resistance, akin to biological synapses, are 

essential for brain-inspired systems. The advent of artificial neurons that exhibit 

reduced power consumption and increased component density further enhances the 

potential of neuromorphic circuits, positioning them as a viable solution for creating 

compact and energy-efficient biomedical devices, for instance, one of the strategies 

includes devising circuits that would imitate the dynamic behavior of biological 
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neurons to re-establish disrupted nerve communication. Devices that change their 

electrical resistance depending on the charge flow are a kind of connection that 

simulates how interconnections evolve, a key part of learning and memory in biological 

networks. The combination of smart processors has opened more opportunities for the 

algorithms to be introduced in healthcare and medical applications especially in a 

local processing context. Brain-like designs allow on-device signal processing at the 

nerve level and treatment, thus, becoming the brain-machine systems, which are 

personalized and responsive. 
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1. Introduction 

1.1. Principles of Neuromorphic Engineering 

Neuromorphic engineering stands for the novel computing technology inspired by the complex 

structure of biological nervous systems, human brains functionality and their super-efficient 

functions that will be able to revolutionize computational efficiency. In contrast to traditional 

von Neumann filter systems, which keep processing and memory as separate entities, solo- 

mimicking the scheme wherein both units are integrated into one neural network and unit. This 

biobased method aims at the unachievable limitations seen in standard computing systems in 

terms of power use and scalability, which are less unmanageable when the computations are 

low. Neuromorphic circuits are not simply analogous to biological forms, they are about 

rationalizing and duplicating basic assimilation that results in brains performing intricate tasks 

and consuming energy efficiently. This computing architecture can help build better edge 

devices which can handle complex tasks and generating the results at the same time, help the 

physicians and doctors addressing the critical patients with changing dynamics on the table. 

This isn't only about circuitry design; it is also about the development of parallel and distributed 

processes utilizing analog or mixed-signal components that would simulate neurons and 

synapses, respectively, to achieve circuit behavior. Neuromorphic circuits stand out as an 

optimal option due to their very low power consumption in real-time data processing 

applications that are increasingly needed in medical diagnostics due to their higher efficiency 

and responsiveness. The potential to digest information almost instantly, without the 

necessitation of much computational power, creates new avenues in robotics, AI, and the most 

prominently biomedical surveillance. The foremost function of these circuits is dealing with 

irregular and partial data i.e. biological signals that are rather accurate, and the most important 

https://doi.org/10.63519/IJCSERD_15_02_007


https://ijcserd.com      90                    ijcserd@gmail.com 

feature of these circuits is stated. Thus, they show versatility, allowing them to be applied in 

real-world use cases. Also, thanks to variegated computing that is the path neuromorphic 

systems take, these processors can work much faster than the classical ones, with due effect of 

the all-time analysis and decision-making. 

1.2. Advantages in Biomedical Devices Design 

Neuromorphic systems offer a promising shift in biomedical signal analysis, enabling compact 

and real-time processing that reduces the need for bulky offline equipment [1]. These systems, 

designed to mimic the brain's efficiency, can analyze data directly at the point of acquisition, 

providing immediate feedback and intervention for critical applications like detecting seizures 

or monitoring vital signs [2]. This on-the-spot analysis also reduces the risk of data loss during 

transmission, ensuring the reliability of results [3]. Their low power consumption is particularly 

advantageous for wearable and implantable devices, extending battery life and minimizing 

thermal management issues [4]. Organic synaptic transistors (OSTs) further enhance these 

biohybrid systems, offering biocompatibility and stable operation for seamless integration with 

biological tissues [5]. The development of flexible and stretchable organic electrochemical 

transistors also allows for long-term stability and enable readily recyclable devices, which can 

be used in wearable sensing [6]. Moreover, level-crossing analog-to-spike converters (LC-

ASCs) offer a low-power strategy by employing event-driven compressive sampling, making 

them suitable for neuromorphic biomedical circuits [2]. 

1.3. Scope of Biomedical Applications 

Neuromorphic circuits, inspired by the human brain, are being explored for various biomedical 

applications, especially for conditions like epilepsy, where real-time monitoring of brain 

activity is crucial [1]. These circuits can detect specific brain signals related to the condition, 

potentially leading to earlier and more effective treatment [1]. These circuits are also paving 

the way for biohybrid systems, blending living and technological components for advanced 

therapies [3]. The design of these circuits, which mimic the brain's operational principles, 

allows for better medical sensing, diagnostics, and therapies [7]. For example, organic synaptic 

transistors (OSTs), which are biocompatible and mimic synapses, are essential for these 

systems, allowing for the creation of artificial neural networks [6]. Furthermore, level-crossing 

analog-to-spike converters offer a low-power strategy by employing event-driven compressive 

sampling, making them suitable for neuromorphic biomedical circuits [2]. 

 

2. Low-Power Medical Devices Design 

2.1. Current-Mode Log-Domain Filters 

For medical devices to work efficiently, especially the small ones that go inside or on your 

body, it's important to use designs that don't need much power. Current-mode filters are a great 

choice because they are compact, use little power, and can handle a wide range of signals [4]. 

These filters can also be adjusted to work at different frequencies without using a lot of power. 

Similarly, other filters offer wide dynamic range and linearity even at low supply voltages [8]. 

These filters can be easily integrated into devices and allow for adjustments without complex 
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setups. Another approach to saving power is to use special converters that sample signals less 

often. These converters take advantage of the fact that many biological signals don't change 

much of the time [2]. Neuromorphic systems, which mimic how the brain works, are also 

promising for processing biomedical signals efficiently [2]. Furthermore, integrating these 

systems with special transistors can create bioelectronic devices that work well with the body 

[3]. These transistors help to overcome the energy limitations of traditional computing. 

2.2. Sinh-Domain Filters 

CMOS filters offer a promising alternative, providing benefits like handling a wide range of 

signal strengths, being compact, and maintaining signal accuracy, especially when power is 

limited [8]. These qualities make them well-suited for biomedical devices that need to run on 

batteries [4]. Their ability to process signals without distortion is crucial, and their small size 

allows them to fit into tiny devices. Using these filters ensures that the signal coming out is a 

faithful representation of what went in, which is super important for getting reliable results in 

medical applications. Level-crossing analog-to-spike converters (LC-ASCs) are also useful for 

energy-efficient biomedical circuits [2], expanding the options for building efficient devices. 

The design of these filters allows for fine-tuning of specific characteristics, offering greater 

control without needing precise matching of components [8]. Their structure, featuring 

transconductor cells and grounded elements, makes them easy to integrate into devices, further 

contributing to their compact size and simple manufacturing [8]. These characteristics make 

them a versatile choice for biomedical applications where accurately shaping signals and 

conserving power are key [7]. In fact, organic electrochemical transistors with printed 

microstructures can be used in wearable sensing, neuromorphic computing and artificial 

synapses [6]. Neuromorphic computing is being used in biointegrated electronics for medical 

sensing, diagnostics, and therapeutic interventions [7]. 

2.3. Level-Crossing Analog-to-Spike Converters (LC-ASCs) 

To reduce energy consumption in biomedical devices, level-crossing analog-to-spike 

converters (LC-ASCs) offer a solution by using event-driven compressive sampling, which 

takes advantage of the fact that many biological signals don't change much of the time [2]. This 

method lowers the average sampling rates compared to traditional methods, saving considerable 

energy [2]. These converters are well-suited for creating energy-efficient neuromorphic 

biomedical circuits, enabling prolonged operation with limited power [9]. Furthermore, the 

reconfigurable data interface in LC-ASCs allows easy integration with digital processing 

modules without affecting system performance [2], making them a promising option for 

enhancing wearable and implantable biomedical technologies [5]. The use of current-mode log-

domain CMOS filters also contributes to these benefits through properties such as a wide 

dynamic range and low power consumption [4], which are particularly important for 

applications requiring extremely low-power dissipation [8]. Organic electrochemical transistors 

with printed microstructures can also be used in wearable sensing [6]. 
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3. Neuromorphic Analog-to-Digital Converters (ADCs) Devices Design 

3.1. Current-Sensing ADCs (CADCs) 

A current-sensing analog-to-digital converter (CADC) offers an alternative to traditional 

designs, providing enhanced performance and energy efficiency for biomedical applications 

where minimizing power and maximizing accuracy is crucial [4]. This CADC architecture 

directly senses the input current, proving advantageous when signals are naturally represented 

as current [10]. The innovative design incorporates a leaky integrate and fire (LIF) neuron 

model, inspired by neuromorphic circuits, mimicking the brain's information processing [2]. 

Integrated digital control and error correction circuits improve performance metrics, essential 

for the ADC's accuracy [2], [8]. These circuits calibrate the ADC, compensating for 

manufacturing variations, noise, and imperfections, enhancing overall accuracy and reliability 

[6]. The CADC design achieves a commendable Figure of Merit (FoM) for 6-bit operation 

while maintaining low power consumption, underscoring its efficiency and suitability for 

power-sensitive biomedical applications, further highlighting its value in biointegrated 

electronics [2], [7]. This makes it suitable for integration with flexible and wearable integrated 

circuits, enhancing the scope of biomedical monitoring and neuromorphic computing [5]. 

3.2. Advantages of Neuromorphic ADCs 

Neuromorphic analog-to-digital converters (ADCs) offer a promising shift from traditional 

designs by significantly reducing power consumption, which is crucial for portable and 

implantable biomedical devices [4]. These innovative ADCs, drawing inspiration from the 

brain's energy-efficient processing, achieve comparable performance with considerably lower 

power requirements [2], making them ideal for continuous health monitoring and implantable 

devices. The integration of Leaky Integrate-and-Fire (LIF) neuron models, which mimic 

biological neural networks, enables efficient signal conversion [10]. Furthermore, incorporating 

error correction circuits enhances the accuracy and reliability of the conversion process [10]. 

Additionally, level-crossing analog-to-spike converters (LC-ASCs) provide a low-power 

strategy through event-driven compressive sampling [2], and systems can reliably detect key 

indicators and predict outcomes, showcasing their potential in managing conditions like 

epilepsy [1]. These advancements allow for specifically tuned and optimized ADCs for 

biomedical input signals [7]. 

3.3. Potential Applications 

Imagine having a health monitor that never sleeps, constantly watching over you; neuromorphic 

analog-to-digital converters (ADCs) bring this idea closer to reality in wearable devices like 

smartwatches and fitness trackers by efficiently translating the body's subtle signals into digital 

data, tracking everything from heartbeats to sleep cycles [10]. This is especially beneficial for 

conditions where continuous monitoring is essential, like epilepsy, where these systems can 

reliably detect key indicators [1]. The energy efficiency of these devices extends battery life, 

making them more practical for continuous use [9]. Beyond wearables, these ADCs are making 

their way into implantable devices such as pacemakers and neurostimulators, where long-term 

reliability and accuracy are paramount [4]. The development of flexible designs using materials 
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like organic polymers and carbon nanotubes further enhances how these devices integrate with 

the body [6], and level-crossing analog-to-spike converters offer a low-power strategy for these 

applications [2]. Moreover, bio-integrated electronics are being enhanced through 

neuromorphic computing for medical sensing and diagnostics [7]. 

 

4. Organic Synaptic Transistors (OSTs) for Biohybrid Systems based Devices Design 

4.1. Requirements for Biohybrid Neuromorphic Systems 

Biohybrid systems are revolutionizing medicine by blending biological and artificial 

components to mimic the brain's complex neural networks, emphasizing the importance of 

replicating synaptic properties for learning and memory [3]. These systems aim to imitate how 

synapses transmit signals and adjust connection strengths based on experience, demanding 

biomimetic neural functionality and biocompatibility to ensure seamless interaction with 

biological elements [11]. Organic synaptic transistors (OSTs), crafted from biocompatible 

materials, are paving the way by mimicking synaptic behavior and achieving stable operation 

within the body [6]. Advancements like carbon nanotubes in flexible synaptic transistors 

demonstrate well-mimicked plasticity, showing promise for wearable, energy-efficient 

computing and neuroprosthetics [12]. The development of artificial neurons that generate spike 

signals is a key area of focus, with memristive components increasingly utilized to create 

artificial neurons and synapses, which are essential for hardware implementation of these 

systems [2]. This approach not only seeks to enhance medical sensing, diagnostics, and 

therapies [7], but also aims to restore neural function after injuries, by using electronic circuits 

that mimic the dynamics of biological neurons [13]. 

4.2. Advantages of OSTs 

Imagine harnessing the brain's own efficiency for medical devices! Organic synaptic transistors 

(OSTs) offer a way to do just that, by mimicking how our synapses and nerves work. This is a 

game-changer because it tackles the energy hog often found in traditional computer designs, 

also known as von Neumann computing [2]. Unlike those computers, which keep processing 

and memory separate, OSTs bring those functions together in one device. This design, inspired 

by the brain, could seriously cut down on energy use, especially when dealing with complex 

tasks. Think of it like this: memristors, which can switch resistance, can also be used to build 

artificial neural networks in hardware, boosting both energy efficiency and speed for machine 

learning [6]. 

OSTs are also biocompatible, meaning they play well with biological systems. That makes them 

great candidates for things that need to interact closely with the body, like keeping an eye on 

your health or even advanced neuroprosthetic devices [2]. The use of carbon nanotubes in 

flexible synaptic transistors shows how we can create devices that are not only biocompatible 

but also flexible enough to be implanted [12]. Plus, researchers are exploring blood-based bio 

memristors to detect conditions like high blood sugar and high cholesterol, showing how 

neuromorphic devices can be used for diagnosing and monitoring diseases [14]. The 

development of organic electrochemical transistors that are flexible and highly conductive 
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points toward their use in everything from artificial synapses to wearable sensors [10]. All of 

this highlights the potential of OSTs to power a new generation of biohybrid systems that can 

seamlessly process biological information. 

4.3. Recent Research and Future Directions in OSTs 

Future research should prioritize the refinement of biomimetic neural functionality in OSTs, 

striving to create devices that more faithfully replicate the behavior of biological neurons, as 

well as enhancing their biocompatibility to ensure long-term stability and safety within 

biological environments [15]. The exploration of carbon nanotubes in flexible ferroelectric 

synaptic transistors demonstrates progress towards mimicking plasticity in artificial synapses 

[12]. These advancements are expected to facilitate the application of OSTs in neuroprosthetics, 

offering innovative solutions for individuals affected by neurological disorders and debilitating 

conditions [16]. 

 

5. Memristor-Based Neurons and Synapses based design for Devices 

5.1. Memristive Components in Neuromorphic Systems 

Imagine tiny components that act like the connections in our brains, but in an electronic circuit. 

These components, called memristors, can change how easily electricity flows through them 

based on the amount of charge that has passed through [2]. This is similar to how our brain's 

synapses strengthen or weaken over time, allowing us to learn and remember. Because of this 

unique ability, memristors are perfect for building brain-inspired computer systems, where they 

can act as artificial synapses that learn and adapt. This ability to change resistance allows 

memristors to both store information and perform calculations in one place, potentially making 

computing much faster and energy-efficient [5]. In fact, memristors are applicable for 

neuromorphic computing thanks to structural characteristics and signal patterns similar to those 

of human brain synapses [14]. 

Compared to traditional electronics like transistors, memristors offer some exciting advantages. 

They use less power, can be packed more tightly into a small space, and offer better 

performance overall [2]. This makes them a great choice for building compact, energy-efficient 

circuits that mimic the brain [10]. Currently, memristors are being used to create artificial 

neurons and synapses, which are the basic building blocks of brain-like computer systems. By 

connecting memristors in different ways, it's possible to create artificial neurons that can 

perform the same functions as real ones, like processing signals [13]. These advancements are 

particularly relevant in edge computing, where energy efficiency and low latency are critical 

[9]. 

5.2. Advantages of Memristor-Based Neurons 

Memristive neurons offer advantages over earlier designs by integrating memristive and locally 

active elements, which previously were physically separated [17]. This integration enhances 

energy efficiency and improves the quality of integration, streamlining the design process [17]. 

The utilization of memristive components, which are capable of altering their resistance based 
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on the charge flowing through them, opens new avenues for hardware implementation of 

neuromorphic systems [17]. The negative differential resistance, which facilitates spike 

generation, is incorporated into one memristor model, simplifying the equivalent circuitry and 

reducing complexity [17]. 

Furthermore, the memristor-based design incorporates supplementary circuit components to 

sustain the resistive switching cycles, ensuring stable and reliable operation [17]. These 

memristors are also applicable for neuromorphic computing thanks to structural characteristics 

and signal patterns similar to those of human brain synapses [14]. These advancements 

highlight the potential of memristor-based neurons for creating energy-efficient and 

biologically plausible neuromorphic systems, paving the way for advanced applications in areas 

such as artificial intelligence and biomedical engineering [13]. 

5.3. Applications in Neuromorphic Computing 

Brain-inspired components offer a promising route for integrating learning directly onto 

devices, essential for tackling intricate machine-learning tasks [2]. By combining memory and 

processing, these components boost energy efficiency and speed, surpassing traditional 

computer designs and enabling adaptive systems for tasks like image and speech processing. 

These components are useful in various settings, such as healthcare and embedded systems, 

because they consume little power, are densely packed, and perform well [5]. Their capacity to 

mimic biological connections is enhanced by training methods that emulate natural learning, 

paving the way for sophisticated systems that can adapt and learn efficiently [12]. The ability 

to train these components to mimic biological synapses further enhances their ability to emulate 

biological synapses [14]. These advancements are particularly relevant for devices where 

efficient processing is essential [2]. 

 

6. Neuromorphic Systems for Real-Time EEG Analysis 

6.1. Detection of High-Frequency Oscillations (HFOs) 

Neuromorphic systems offer a promising approach for improving epilepsy studies and 

treatments by detecting specific brain signals called high-frequency oscillations (HFOs) [16]. 

These oscillations, occurring within a specific frequency range, help pinpoint the exact area in 

the brain where seizures start [1]. Identifying this area is essential for effective treatments and 

surgical options. These systems use a special design that combines a signal conversion circuit 

with a neural network, enabling real-time data analysis while using less power [16]. This type 

of setup is beneficial for creating devices that can be used on or inside the body [5]. These 

advanced chips can reliably detect HFOs and accurately predict the results of surgery [16], 

which helps surgeons make better decisions about treatment [3] and can lead to more timely 

and appropriate interventions for managing epilepsy [7]. Current-mode log-domain CMOS 

filters contribute to these benefits with their wide dynamic range and low power consumption 

[4]. 

Neuromorphic systems offer a promising approach for improving epilepsy studies and 

treatments by detecting specific brain signals called high-frequency oscillations (HFOs) [16]. 
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These oscillations, occurring within a specific frequency range, help pinpoint the exact area in 

the brain where seizures start [1]. Identifying this area is essential for effective treatments and 

surgical options. These systems use a special design that combines a signal conversion circuit 

with a neural network, enabling real-time data analysis while using less power [16]. This type 

of setup is beneficial for creating devices that can be used on or inside the body [5]. These 

advanced chips can reliably detect HFOs and accurately predict the results of surgery [16], 

which helps surgeons make better decisions about treatment [3] and can lead to more timely 

and appropriate interventions for managing epilepsy [7]. Current-mode log-domain CMOS 

filters contribute to these benefits with their wide dynamic range and low power consumption 

[4]. 

6.2. Advantages of On-Chip Processing 

Testing the system on individuals with temporal lobe epilepsy, a condition affecting the brain's 

temporal lobes, showed the system's ability to reliably identify high-frequency oscillations 

(HFOs) [1], which are key indicators of the brain area causing seizures [2]. Detecting these 

oscillations, typically in the 80-500 Hz range, is essential for pinpointing the source of seizures, 

enabling more effective treatments [1]. The system's capability to process brain signals in real-

time offers a significant advantage for clinical use [2], potentially leading to earlier and more 

appropriate interventions for managing epilepsy [3] and predicting the outcomes of surgical 

procedures [17]. This method, inspired by how the brain works, shows promise for improving 

medical sensing, diagnosis, and treatment [7], as it allows for direct analysis of data at the 

source through a signal-to-spike conversion circuit combined with a spiking neural network 

architecture [5]. 

6.3. Clinical Applications and Feasibility 

Testing the system on individuals with temporal lobe epilepsy, a condition affecting the brain's 

temporal lobes, showed the system's ability to reliably identify high-frequency oscillations 

(HFOs) [1], which are key indicators of the brain area causing seizures [2]. Detecting these 

oscillations, typically in the 80-500 Hz range, is essential for pinpointing the source of seizures, 

enabling more effective treatments [1]. The system's capability to process brain signals in real-

time offers a significant advantage for clinical use [2], potentially leading to earlier and more 

appropriate interventions for managing epilepsy [3] and predicting the outcomes of surgical 

procedures [17]. This method, inspired by how the brain works, shows promise for improving 

medical sensing, diagnosis, and treatment [7], as it allows for direct analysis of data at the 

source through a signal-to-spike conversion circuit combined with a spiking neural network 

architecture [5]. 

 

7. Flexible and Implantable Neuromorphic Devices 

7.1. Materials for Flexible Neuromorphic Electronics 

For flexible neuromorphic devices to work well with the body, certain materials are better 

suited, such as organic polymers, because they are flexible and biocompatible [6], offering an 

alternative to traditional electronics; these materials can also be made into thin films for 
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wearable and implantable devices. The ability of these materials ensures that the devices are 

more effective and can be used for a long time in medical settings [11]. Furthermore, the 

properties of polymers can be adjusted, and nanomaterials like carbon nanotubes are being 

explored for their electrical and mechanical characteristics, allowing for high-performance 

flexible devices [12]. These material characteristics can enhance how well devices integrate 

with biological tissues and expand the use of neuromorphic computing in biointegrated 

electronics for better medical sensing, diagnostics, and treatments [7], and can be used in 

wearable sensing and artificial synapses [5]. The use of low-power level-crossing analog-to-

spike converters also supports the creation of energy-efficient neuromorphic biomedical 

circuits [2]. 

7.2. Applications in Wearable and Implantable Devices 

Flexible neuromorphic devices are emerging as promising tools for personalized healthcare, 

particularly within wearable health monitoring systems [15]. These systems facilitate 

continuous and real-time data analysis, allowing for proactive management of an individual's 

well-being [13]. Wearable technology, such as smartwatches and fitness trackers, can 

incorporate flexible neuromorphic circuits to monitor an array of physiological signals, 

encompassing heart rate, blood pressure, and body temperature [9]. This continuous stream of 

data enables the provision of tailored health recommendations and alerts, supporting early 

detection of potential health anomalies [8]. The integration of flexible neuromorphic devices 

extends to implantable neuroprosthetics, offering innovative solutions for restoring neural 

function compromised by injury or disease [16]. These implantable systems utilize flexible 

circuits to interface directly with the nervous system, potentially recovering lost functionality 

in individuals with conditions such as spinal cord injuries or stroke [12]. Furthermore, these 

devices present avenues for the treatment of neurological disorders like epilepsy and 

Parkinson's disease, addressing a wide spectrum of neurological impairments [19].  

Beyond direct medical applications, flexible neuromorphic circuits are finding utility in soft 

robotics, enabling more natural interactions between robots and their environments [10]. The 

capacity of these circuits to control the movement and behavior of soft robots facilitates delicate 

tasks, including grasping fragile objects and navigating intricate environments [20]. The 

integration of multisensory inputs further enhances the adaptability of these robotic systems, 

allowing them to respond intelligently to complex and dynamic scenarios, crucial for 

applications in both robotics and prosthetics [11]. 

7.3. Challenges and Future Directions 

Addressing the limitations of flexible devices involves boosting their long-term stability and 

biocompatibility to ensure consistent performance and minimize adverse effects on biological 

tissues [15]. For flexible neuromorphic devices to be widely adopted, especially for applications 

involving direct contact with the human body, these factors are crucial [10]. Developing 

materials and architectures capable of withstanding the body's harsh environment while 

maintaining performance over extended periods remains a key focus, with organic polymers 

frequently under consideration [10], Further research is essential to create artificial synapses 

and nerves that more closely mimic the functions of their biological counterparts, which will 
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lead to more realistic and functional neuromorphic systems [6]. These artificial components are 

critical for developing neuromorphic systems that can learn and adapt in a manner similar to 

the human brain [6]. Such advancements could lead to more sophisticated biohybrid systems 

and multimodal biomedical applications [2]. The use of memristive components, for example, 

can be further explored to improve the performance and functionality of these artificial neurons 

and synapses [6]. Future progress includes the creation of wearable artificial neuromorphic 

systems for various biomedical applications, opening new avenues for personalized healthcare 

and advanced therapies [15]. The integration of Deep Learning (DL) accelerators and 

neuromorphic processors could accelerate the development of medical IoT systems and Point 

of Care devices, making healthcare more accessible [6]. Wearable artificial neuromorphic 

systems have the potential to transform healthcare through continuous, real-time monitoring of 

physiological signals [8], and the delivery of personalized therapies [2]. Furthermore, 

advancements in flexible neuromorphic devices enhance adaptability in complex and dynamic 

real-world scenarios [13]. 

 

8. Neuromorphic Computing for Neuroprosthetics 

8.1. Restoring Neural Activity After Brain Injury 

Innovative approaches are being developed to help restore brain function after injuries, as 

traditional treatments often aren't enough [13]. One promising area involves creating electronic 

systems that mimic how brain cells work, helping to re-establish communication pathways [2]. 

These systems use models that can potentially replace damaged tissue and restore signal flow 

[13], or they employ more advanced setups with feedback loops, where artificial and real 

neurons synchronize to allow for continuous adjustments [13]. Furthermore, devices that act 

like brain synapses are being explored to connect these artificial neurons, enabling self-tuning 

and greater adaptability [5]. The use of flexible materials can improve how well these devices 

integrate with the body [6], and these combined methods, along with sophisticated software, 

show significant potential for improving brain function and overall quality of life [18]. 

8.2. Memristive Devices for Synaptic Plasticity 

Memristive devices, which can alter their electrical resistance based on the charge flow, offer a 

mechanism to simulate synaptic plasticity, a fundamental aspect of learning and memory in 

biological neural networks [16]. This adaptability is crucial for artificial neural circuits seeking 

to emulate the brain's efficiency and learning capabilities [6]. By mimicking the way synapses 

change their strength over time in response to neural activity, memristors enable artificial 

systems to learn and adapt to new information, paving the way for more sophisticated and 

biologically plausible neuromorphic computing [13]. Furthermore, the structural characteristics 

and signal patterns of memristors are similar to human brain synapses, making them applicable 

for neuromorphic computing [14]. 

These devices facilitate the connection of artificial neurons, enabling self-tuning of parameters 

through feedback control, which optimizes performance and allows adaptation to changing 

conditions [16]. The integration of memristive components simplifies the circuitry while 
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enhancing energy efficiency and integration quality [6]. Supporting software, leveraging 

nonlinear dynamics and deep learning techniques such as reservoir computing, further enhances 

the performance and computational capabilities of these systems [16]. The use of reconfigurable 

nonvolatile resistive memories in circuits allows for massively parallel local hardware [21]. 

This approach contributes to the creation of more versatile and intelligent systems for 

biomedical applications and beyond [8]. 

8.3. Clinical Implications and Future Prospects 

Advanced engineering approaches in regenerative medicine offer a promising path to improve 

rehabilitation outcomes and enhance the quality of life for individuals who have experienced 

brain injuries [16]. These strategies involve the use of electronic circuits that mimic the dynamic 

behavior of biological neurons, providing a novel method for restoring neural function 

following injury [16]. By replicating the operational principles inherent in the brain, these 

systems show potential for more effective medical sensing, diagnosis, and therapeutic 

interventions [3]. Furthermore, the development of flexible neuromorphic devices, often 

constructed from materials such as organic polymers, expands the scope of biomedical 

applications by improving biocompatibility and conformability for integration with bodily 

tissues [10]. 

These technological advancements play a crucial role in rebuilding neurological function, 

offering renewed hope for individuals suffering from debilitating brain injuries or 

neurodegenerative conditions, which can ultimately lead to improved independence and overall 

well-being [16]. This restorative process may involve several mechanisms, including the 

replacement of damaged neurons, stimulation of existing neural pathways, or the creation of 

new neural connections [16]. For instance, a neuromorphic prosthesis can re-establish 

bidirectional interactions between neuronal populations, even in cases where one population is 

damaged or entirely absent, thus opening new avenues for innovative bioelectrical therapies 

[19]. The applicability of memristive devices, which possess structural characteristics and 

signal patterns similar to those observed in human brain synapses, is also being explored for 

neuromorphic computing [14]. 

 

9. Neuromorphic Computing for Personalized Healthcare 

9.1. Edge Computing in Healthcare 

The integration of deep learning accelerators and neuromorphic processors is opening new 

avenues for applying spiking neural network algorithms in healthcare and biomedical 

applications, especially in edge computing scenarios [7]. This is leading to more efficient and 

personalized medical solutions. By processing data locally, the need to transmit sensitive 

patient information to remote servers is reduced, enhancing privacy and data protection. Local 

computation is becoming increasingly important to limit data traffic and response times [8]. 

The technologies involved bring the medical Internet of Things (IoT) and the Point of Care 

(PoC) devices closer to the people and make it easier to get treatment. These gadgets collect 

and analyze the patient's information which, in turn, gives the medical professionals some 
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insights into the condition and treatment. Therefore, the feature of performing one-site 

computation without using huge computational resources is particularly pivotal in the absence 

of sufficient resources in the places like remote locations. The potential of the neuromorphic 

aspect of the computing technology to boost the bio-integrated systems and medical sensors, 

diagnostics, and therapeutic interventions has been emphasized. [3]. 

Neuromorphic architectures are enabling on-chip analysis of neural signals and treatments, 

revolutionizing brain-machine microsystems through personalized and responsive therapeutic 

interventions. This on-chip processing reduces latency and power consumption, making these 

systems more suitable for implantable and wearable devices. The potential of these systems for 

real-time detection of high-frequency oscillations in EEG signals, which are key biomarkers in 

epileptogenic brain tissue, has been demonstrated [1]. Current-mode log-domain CMOS filters 

contribute to these benefits with their wide dynamic range and low power consumption [4]. 

These systems offer effective solutions for real-time processing, reduced power consumption, 

and stringent thermal constraints in personalized neurostimulation, ensuring safer and more 

efficient treatments. These characteristics are crucial for developing neurostimulation devices 

customized to individual patient needs. Research has demonstrated this in monitoring 

Parkinson's disease symptoms using 3D memristive neuromorphic systems, where stimuli are 

adjusted in real-time based on the state of symptoms [11]. Furthermore, the development of 

low-power level-crossing analog-to-spike converters supports this trend by enabling the 

creation of energy-efficient neuromorphic biomedical circuits [7]. 

9.2. Applications in Disease Monitoring and Diagnosis 

Neuromorphic systems offer a promising avenue for the personalized management of 

neurological disorders, exemplified by their application in real-time monitoring of Parkinson's 

disease symptoms [11]. This capability facilitates closed-loop deep brain stimulation (CL-DBS) 

therapy, enabling dynamic adaptation of treatment parameters to the patient's evolving 

condition [11]. The capacity to adjust stimuli in real-time, based on the state of symptoms, 

addresses a critical need for fast and precise monitoring, which is often infeasible with 

conventional techniques that demand high computational resources, particularly in wearable 

medical devices [11]. This approach not only enhances the effectiveness of DBS but also 

mitigates potential side effects, showcasing the potential of neuromorphic computing in 

delivering tailored therapeutic interventions. In the realm of metabolic disorders, innovative 

diagnostic tools are emerging, such as blood-based biomemristors designed for the in vitro 

detection of hyperglycemia and hyperlipidemia [14]. These devices leverage the resistance 

switching behavior of memristors to provide rapid and accurate measurements of blood glucose 

and lipid levels [14]. The development of hyperlipidemia devices based on memristor logic 

circuits and subsequent circuit simulations further confirm the feasibility of biomemristors in 

detecting hyperlipidemia, presenting new prospects for this important application field [14]. 

Such advancements hold promise for early detection and management of these conditions, 

potentially improving patient outcomes through timely intervention. 

Furthermore, the application of DNA circuit-based immunoassays offers a novel approach to 

disease diagnostics through ultrasensitive protein pattern classification [22]. These assays 
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enable the early detection of subtle changes in protein expression, which may indicate the 

presence of various conditions, including cancer, infectious diseases, and autoimmune disorders 

[22]. By integrating the computing capabilities of a DNA/enzyme circuit with the convenience 

of a supported ELISA format, these immunoassays achieve a limit of detection that outperforms 

traditional ELISA formats [22]. The versatility of these assays extends to molecular 

computation, allowing for the creation of classifiers with tunable weight sign and amplitude, 

showcasing their potential in multi marker-based sample classification. 

Collectively, these technologies represent a shift towards earlier and more accurate disease 

detection, enabling the implementation of personalized treatment strategies tailored to 

individual patient needs [6]. By providing more timely and precise information, these 

advancements empower both patients and healthcare providers to make informed decisions 

regarding care, ultimately leading to improved outcomes and enhanced quality of life [8]. The 

integration of neuromorphic computing with artificial intelligence and the Internet of Things 

further facilitates the development of smart healthcare systems capable of continuously 

collecting and analyzing patient data, paving the way for more comprehensive and personalized 

healthcare management [3]. 

9.3. Integration with AI and IoT 

Combining neuromorphic computing with Artificial Intelligence (AI) and the Internet of Things 

(IoT) can enable the creation of smart healthcare systems that continuously collect and analyze 

patient data, providing a comprehensive and personalized approach to healthcare management 

[8]. This integration allows for the development of systems that can learn from patient data and 

adapt to their individual needs. 

This seamless integration facilitates the development of personalized medical applications and 

provides valuable insights for creating more accurate and effective disease models, improving 

the overall understanding and treatment of various conditions [23]. By combining data from 

multiple sources, these systems can provide a completer and more accurate picture of a patient's 

health. 

The development of AI-driven models for personalized neurostimulation relies heavily on back-

telemetry data and external systems, enabling the creation of more responsive and adaptive 

treatment strategies [24]. This feedback loop allows the system to continuously optimize its 

performance based on the patient's response to treatment. 

Neuromorphic neuromodulation has the potential to revolutionize brain-machine microsystems 

by providing patient-specific treatment, offering a more targeted and effective approach to 

managing neurological disorders [24]. By tailoring the treatment to the individual needs of each 

patient, neuromorphic neuromodulation can improve outcomes and reduce side effects. 

Conclusion - Challenges and Future Directions in Neuromorphic Biomedical Engineering 

Overcoming Limitations 

To facilitate the broader application of neuromorphic systems across diverse biomedical uses, 

several limitations must be addressed through interdisciplinary research and development. One 
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crucial area involves sustaining robust network behavior in recurrent neural networks, which 

necessitates innovative algorithms and circuit designs to preempt instability and operational 

failures over prolonged usage [21]. Enhancing the dependability of memristors and diminishing 

their inherent variability is also paramount for creating predictable neuromorphic computing 

systems suited for demanding biomedical tasks [18], [18]. This entails the exploration of novel 

materials and fabrication processes to curtail performance deviations. A significant challenge 

lies in augmenting biocompatibility and ensuring the enduring stability of flexible and 

implantable devices to facilitate their widespread clinical integration [15], [10], which calls for 

advanced materials and encapsulation methods to shield devices from biological environments 

and minimize adverse reactions. Furthermore, minimizing the complexity and power demands 

of neuromorphic circuits is essential for their extensive deployment in various biomedical 

applications, particularly within portable and implantable technologies [4], [9], a goal 

achievable through more streamlined circuit designs and the adoption of low-power 

components, potentially improving personalized healthcare and advanced therapies [13]. The 

development of adaptive mechanisms is also important to ensure the long-term reliability and 

robustness of neuromorphic systems [21]. 

Future Research Areas 

Future investigations should focus on creating more advanced neuromorphic algorithms 

designed to process intricate biomedical signals, which will enhance both precision and 

efficiency [6]. Given the inherently noisy and high-dimensional nature of many biomedical 

signals, it is crucial to develop algorithms capable of extracting pertinent information while 

effectively filtering out irrelevant artifacts. Furthermore, the capacity for adaptation to changing 

signal characteristics, accommodating variations in individual physiology or environmental 

conditions, is essential for maintaining reliable performance [6]. 

Exploration of innovative materials and device architectures, including advanced three-

dimensional memristive integrated circuits, presents a promising path for improving the energy 

efficiency and overall performance of neuromorphic systems [11]. Research into novel 

materials with enhanced memristive properties is necessary to fabricate devices with improved 

endurance, linearity, and switching speed, all of which are critical for dependable neuromorphic 

computation [12]. In addition, the development of adaptive homeostatic mechanisms is 

critically important for ensuring the long-term reliability and robustness of neuromorphic 

systems [21]. Such mechanisms are essential to maintain healthy network dynamics in recurrent 

neural networks, which are particularly susceptible to instability [21]. 

Potential Impact on Healthcare 

Neuromorphic engineering has the transformative potential to revolutionize the healthcare 

industry by enabling the development of advanced systems for medical sensing, diagnostics, 

and therapeutic interventions [3]. By emulating the operational principles of the human brain, 

these systems offer enhanced energy efficiency and functionality, paving the way for 

personalized and responsive medical solutions [3]. These advancements are particularly 

relevant in edge computing scenarios, where local data processing enhances privacy, reduces 

data traffic, and minimizes response times [8]. Neuromorphic architectures facilitate on-chip 
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analysis of neural signals, leading to personalized and responsive therapeutic interventions in 

brain-machine microsystems [2]. This on-chip processing reduces latency and power 

consumption, making these systems suitable for implantable and wearable devices [6]. The real-

time detection of high-frequency oscillations in EEG signals, a key biomarker in epileptogenic 

brain tissue, exemplifies the potential of these systems [1]. Current-mode log-domain CMOS 

filters contribute to these benefits due to their wide dynamic range and low power consumption 

[4].  

Neuromorphic systems offer avenues for the personalized management of neurological 

disorders, as demonstrated in real-time monitoring of Parkinson's disease symptoms [11]. This 

enables closed-loop deep brain stimulation therapy, allowing dynamic adaptation of treatment 

parameters to the patient's evolving condition [11]. The capacity to adjust stimuli in real-time 

addresses the need for fast and precise monitoring, often infeasible with conventional 

techniques that demand high computational resources [11]. Innovative diagnostic tools, such as 

blood-based bio memristors, are also emerging for the in vitro detection of hyperglycemia and 

hyperlipidemia [14]. DNA circuit-based immunoassays offer a novel approach to disease 

diagnostics through ultrasensitive protein pattern classification [22]. These assays enable the 

early detection of subtle changes in protein expression, indicating various conditions, including 

cancer, infectious diseases, and autoimmune disorders [22]. By integrating the computing 

capabilities of a DNA/enzyme circuit with the convenience of a supported ELISA format, these 

immunoassays achieve a detection limit that outperforms traditional ELISA formats [22]. The 

versatility of these assays extends to molecular computation, allowing for the creation of 

classifiers with tunable weight sign and amplitude, showcasing their potential in multi marker-

based sample classification. 
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